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Q/ import pandas as pd
from sklearn.model selection import train_test split
from sklearn.ensemble import RandomForestClassifier
from sklearn.metrics import accuracy_score, classification_report, confusion_matrix
from sklearn.preprocessing import StandardScaler

£ Load dataset
df = pd.read csv{"data.csv")

# Separate features and target
X = df.drop("target”, axis=1)
y = df["target"]

# Split detasset

X_train, X_test, y_train, y_test = train_test split(
X, y, test_size=8.2, random_state=42

)

# (Optional) Standardize features — Random Forest does NOT require scaling
scaler = StandardScaler()

X _train = scaler.fit transform({X_train)

X_test = scaler.transform(X_test)

# Initialize Random Forest

rf = RandomForestClassifier(
n_estimators=10a, # number of trees
max_depth=None, # let trees expand fully
random_state=42

)

# Train model

rf.fit(X_train, y_train)

# Predict

y_pred = rf.predict(X_test)

# Evaluation

print("Random Forest Accuracy:", accuracy_score(y_test, y_pred))
print("\nClassification Report:\n", classification_report(y test, y pred))
, confusion_matrix(y_test, y_pred))

an

print("\nConfusion Matrix:\n
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import mlflow

import mlflow.sklearn

import pandas as pd

from sklearn.model selection import train_test split

Trom sklearn.ensemble import RandomForestClassifier

from sklearn.metrics import accuracy score, classification report

df = pd.read_csv("data.csv")

X = df.drop("target”, axis=1)
y = df["targst”]
X_train, X _test, y train, y_test = train_test_split(

X, y, test_size=0.2, random_state=42
)
# MLflow Experiment Tracking
mlflow.set_experiment({"RF_Classifier Experiment”)

with mlflow.start _run():
rf = RandomForestClassifier(
n_estimators=160,
max_depth=5,
random_state=42

)
rf.fit(X_train, y_train)

# Predict + Evaluation
y_pred = rf.predict(X_test)
acc = accuracy score(y test, y pred)

# Log params & metrics

mlflow.log param("n_sstimstors”, 16@)
mlflow.log param("max_depth", 5)
mlflow.log _metric(™accuracy”, acc)

mlflow.sklearn.log model(rf, "rf_model™)

print("Model logged with accuracy:", acc)
print("\nClassification Report:\n", classification_report(y_test, y pred))
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° # model only pipeline.py
import pandas as pd
from sklearn.model selection import train_test split
fraom sklearn.pipeline import Pipeline
from sklearn.ensemble import RandomForestClassifier
from sklearn.metrics import accuracy score, classification_report

# Load your dataset (assume already cleaned / preprocessed)
df = pd.read_csv{"data.csv") # must have no missing values, encoded categories, ste.
target = "targst”

i

X
y

df .drop({columns=[target])
df[target]

X train, X test, y_train, y test = train_test split(
X, y, test_size=0.2, random_state=42

# Pipeline with only the model (no preprocessing)
clf = Pipeline(
steps=|
{"model"”, RandomForestClassifier(n_estimators=282€, random_state=42))

# Train & evaluate
clf.fit(X_train, y_train)
y_pred = clf.predict(X_test)

print("Accuracy:", accuracy_score(y_test, y pred))
print("\nClassification Report:\n", classification_report(y_test, y_pred))
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import pandas as pd

import wandb

from sklearn.model selection import train_test split
from sklearn.ensemble import RandomForestClassifier

from sklearn.metrics import accuracy_score
wandb.init(project="rf-simple”)

df = pd.read_csv("data.csv")
target = "target”

X
¥

df .drop{columns=[target])
df[target]

X train, X test, y train, y test = train_test split(
X, y, test size=0.2, random_state=42

model = RandomForestClassifier(
n_estimators=168,
random_state=42

)

wandb.log({"n_estimators": 1@@})
model.fit(X train, y train)

y_pred = model.predict(X_test)
acc = accuracy score(y_test, y pred)

print("Accuracy:", acc)

wandb.log({ "accuracy”: acc})

L
I

wandb.sklearn.log _model(model, "r _model™)

(=1
i

_simp

wandb.finish()
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-
° wandb + ezyml :-
import wandb
from ezyml import EZTrainer

run = wandb.init(
project="ezyml-diabetes-project”,
name="random-forest-run-1",
config={
“"dataset”: "diabetes.csv", "target": "Outcome"”,
"model type": "random_ forest", "test_size": 0.2,
"scale _data": True

)
config = wandb.config

print@f"--- Starting Run: {run.name} ---“ﬂ

trainer = EZTrainer(
data=config.dataset, target=config.target,
model=config.model_type, test_size=config.test_size,
scale=config.scale_data

)

trainer.trai~?}
(function) report: Any
if trainer.report:
metrics_to_log = {}
for key, value in trainer.report.items():
if isinstance(value, (int, float)):
metrics_to_log[key] = value
elif isinstance(value, list) and key == "confusion_matrix":
wandb.summary["confusion_matrix"] = value
wandb.log(metrics_to_log)
print("Metrics logged to WandB.")

model filename = “model.pkl”
trainer.save_model(model filename)
wandb.save (model_filename)
print("Model uploaded to WandB.")

wandb.finish()
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o #mlflow / classification (Randomforest / SVM) using mlflow , ezyml=1.2.1 :-

import mlflow

import miflow.sklearn

from ezyml import EZTrainer
mlflow.set_experiment("Diabetes Prediction_Experiments™)

print(“Starting MLflow Run...")
with mlflow.start_run():

data_path = 'diabetes.csv’
model_type = 'random_forest’

mlflow.log param(“"data_source”, data_path)
mlflow.log param("model type", model type)

trainer = EZTrainer(data=data_path, target='Outcome', model=model_type)
trainer.train()

if trainer.report:
for metric_name, value in trainer.report.items():
if isinstance(value, (int, float)):
mlflow.log metric(metric_name, value)
else:
mlflow.log dict(value, f"{metric_name}.json")

if trainer.pipeline:
mlflow.sklearn.log model(trainer.pipeline, “"model")
print("Model and metrics sent to MLflow!")

trainer.save_model('diabetes_model.pkl')
trainer.save_report('diabetes_report.json')
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